( 430074)

NURBS , NURBS ) NURBS

NURBS

AN ALGORITHM FOR PLANAR MAPPING OF CURVED SURFACE

Liang Weiwen Bin Hongzan
( School of Mechanical Engineering, Huazhong University ofScience and Technology, Wuhan 430074 )

Abstract Development of a curved surface is a new tool for CAD/CAGD ( Computer Assisted Geometric Design) .Tlie definition and the deforma-
tias of planar mapping ofa curved surface are presented in this paper. Tlien several planar mapping methods of curved surface as well as their advan-
tages and disadvantages are analyzed.For NURBS surface iswidely used in CAGD, a new planar hybrid mapping algorithm is put forward. By using
this algorithm distortias of the development are reduced. At last we give an example to validate this algoritim.
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AN APPROACH TO DETERMINATION OF THRESHOLDS FOR
SEMI FUzZzZY C MEAN CLUSTERING

Yan Deqin
( Department of Computers Liaoning Normal University, Dalian 116029)
Chi Zhongxian
( Department of Computers Dalian University o f Technology, Dalian 116026)

Abstract In this paper,Fuzzy C — Mean algorithm is studied.Hie relationship between parameter m used in Fuzzy C - Mean algorithm and the
threshold values used as in Semi - Fuzzy C - Mean is discussed mesides,a new algorithm for Semi - Fuzzy C _ Mean clustering is set forth <Experi-
mental results show the new algorithm is more efficiatt and religble.
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A BP NETWORKS LEARNING ALGORITHM BASED ON PSO

Wang Suihual Feng Naiginl Li Aiguo2
1( Department of Computer Science Henan Normal University, Xinxiang 453002)
2( Department o f Computer Science XVan University o f Science and Technology Xian 710054 )

Abstract A novel BP neural retworics learmning algoritim based on particle swarm optimizers (PSO)is proposed in this paper. A stochestic global
optimization technique is used in proposed algorithm.Comparing experiments that classify Iris problem are made between proposed algorithm and BP

algorithm. Tlie experiment results show that proposed algorithm does not only superior to BP algorithm,bus also has fast congruence speed.

Keywords Neural network Particle swarm optimizer BP algorithm

7 ).
BP A o= (pf..P~.-.P,D)o
A:1) 2)
,BP , w = + Cir, (pw - + - Xu) (@)
, Xu=Xu+W @)
3)“* > , i=1,.. , s
BP El; Cl
n h [0,1]
Particle Swarm OptiraizeivPS0)
[e] PSO
, PSO
3 PSO BP
PSO BP Iris
BP PSO BP s
BP S S
s . S
2 PSO w fe=uh
X
0 m ) i
= I 5 :2002-10-31 s
Xi=( 1 L7 i=1,2,....m Vi = (va,\va



PSO BP

BP
"T PSO
)
i=1 =1
v yt.
; i i
C
PSO BP
1) m; e;
; K (@ 1)
2) f=0; =00 ;/#=(00,..
3) wiile(Jg>e& t< )
4)fori= I:h m
5) Xi ()]
6 ) ifJi <Jp(i) Ip(i) = Ji pi= X ;endif
1) HJi <Jg Jg=Ji.’Pg=X ;endif
8 ) end for
9)iovi=\ \m
10) ® @) n
11) end for
12) t=t+I; w;
13) end while
=0 *2,
Xa,)T i T=( w2, )
LM/ ; m
£=(
u;
w(t) =wo- W X (t/T")
w ui w
4
Iris (Iris
Iris : ,
50
150
75
3 BP Iris
1824 30
,PSO
w 0.7 0.3;
3 BP

0©)

150

®
20;ci = c2=2,
100

N -yl =1.-".C ®)
, ;a . [0,1]
a=0.5
E=  x100% )
W
BP ,
= * : BP
1 2000, BP
BP 21 1 BP
3
1 BP
1 3
1 3
BP
1
BP i
1 Iris
E(%)
S — = __
4-6-3 38.67 42
4-12-3 22.67 31.33
4-18-3 21.33 23.54
4-24-3 9.33 15.67
4-30-3 4 10.46
. i.
T
4-12-3 (10 4-24-3 <) 4-30-3
1 PSO BP
5
PSO BP , In8
BP
BP
[1] [M1, 1990.

0750



[2]1 ' 1,
,1995.

[31] 3
[J]> 2002,21:1~3.

[4] Kainedy J, Ebeihart R, Particle Swarm Optimization[C], IEEE Intl C«if.
on Neural Netwoiks 1995 4 1942 - 1948.

[5] shi Y, Eberhart R, A modified particle swarm optimizer [C], IEEE World
Congress  Cwrputational Intelligence, 1998,69 - 73.

[6] Quprina G, loan D Munteanu | Use of Intelligent — Particle Swarm Qptimi—
zadexi in - Electrcmagnetics [J] ,IEEE Trans, on Magnetics, 2002,38(2):
1037-1040.

[7] Clerc M Kennedy J The Particle Swarm - Ebglosion Stability, and Conver-
gence in A Multidimensional Conlex Space [J], IEEE Trans. on Evolu-
ticmary Confutation,2002,6(1) 58 ~73.

[8] Van den BeiNi F, Engelbrecht A P, Training Product Unit Networics Using
Cooperative Particle Swann Optimizers [C] ,Proc. of the third Genetic and
Evolutiraialy C<XTq)utatiai C(Miference,2001 «

( 35
i=i+1
Wend

ado_ record.close ©

Lotus Donino ERP
3.2B-0
Domino Notes ERP
B/S
Domino
WEB ,
Domino
B-0 (
2 _)-° M2 B-0
B-o0 ,
WEB
, 0OA ERP ( o-E
) WEB ; , Domi-
m WEB ,
WEB ; WEBSPHERE
Web Domino/server
DLL, DLL Domino
, Domi-
no/server

Public name As String

76

Public Sub show()
Dim session As Object
Dim db As Object
Dim doc As (S)ject
Dim dbusers As Object
Dim maildoc As Object
Dim collectiNi As (bject
Dim peopledoc As Object
Dim searchfonnula As String
Dim recipients(1 To4)As String
Dim varr As Variant
Dim dbRQ As Variant
Dim m As Variant
Setsession = CreateObject(viNotes. NotesSessior)
Set db= sessiwi.GetDatabase(voaservei® T N\WrSp.nsT)
searchfonnula-wFoito = bh= 1234213
Set collection = db. Search(searchfomiula Nothing. 0)
Setpeopledoc = collection. getnthdocument( 1)
If peopledoc Is Nothing Th«i
Exit Sub
Else
varr = peopledoc. getitemvalue (vibhvy
For Each m In varr
recipients(1) = recipients(1) +ww+m
Next
End If
name = recipients( 1)
End Sub

DLL Domino/server

Domino/serveie B-0

Lotus Domino

cc >3

B-o0-E

[1] , Lotus Domino R5,
[2]1[ 1Ash RoM, Yasser Shohoud Com
2000,4.

,2001,6.
Com +,

[31 ,Notes , ,2000,10.
[41] 7,
>,2000, 12.
[5]1 0A 7 < >
1999,10.
[61 “ notes oa
"( >,1998,12.



